BCTYI IO KOMIPKOTEPHOI JIIHI'BICTUKH
(INTRODUCTION TO COMPUTATIONAL LINGUISTICS)
Cunaoyc kypcy, ocinniii cemectp 2019-2020 n. p.

3araabHa iHdopMmanis mpo Kypc

BUKJIAJIAY

Crapko
Bacuib

v.starko@ucu.edu.ua

1. 3aranpHa iHpOpMAILisS IPO KypC:
a. Beryn no komn’rorepHoi ninrsictuku (Introduction to Computational Linguistics)
b. Crapko Bacuinn
c. Kanmupar ¢dinonoriuaux Hayk, aoueHT kadenpu dinomnorii ['ymaniTapHOro akyabTeTy
VYKpaiHCHKOTO KaTOJIMIIBKOTO YHIBEpCUTETY. JlrcepTaliito 3aXHCTUB 32 CIEIialIbHICTIO “3araibHe
MOBO3HaBCTBO” B [HCTUTYT MoBO3HaBcTBa iM. O.0. [Totebni HAHY. ctunenniat nporpamu ®ynbpaiita
JUTSL MOJIOJTX BHMKJIQIaviB Ta AOCTiAHUKIB ([leprkaBHUIA YHIBEPCHTET HLIO-PIOpK}I B On6ani, CIIIA) Ta
nporpamu akajaemiunux oominiB Erasmus Mundus (mociinnuk Ha mocazi post-doc, I'ym6osibATChK it
yuiBepcuteT bepnina, ®PH). KepiBauk koprycHoi rpynu bpYK (https://r2u.org.ua/corpus), criBaBTop
Benukoro enextpoHHOro cloBHUKA yKpaiHcbkoi Mo (https://github.com/brown-uk/dict_uk), 3aco0y

nepesipstHES opdorpadii, rpamaruku i crumo «lIpaBonucHuk LanguageTool»
(https://languagetool.org/uk/), cmoBankoBux Bebcaiiti hitp://e2u.org.ua/ Ta http://r2u.org.ua/. Bonomie
KUJIbKOMa 1HO3eMHUMH MOBaMU. Bukiiagae yHIBEpCUTETChKI JUCIUILIIHU aHTJIIHCHKOI0 MOBOO. Mae

JI0CB1J] BUKJIQJAHHS TIOHA/ 6 POKIB y BUIUX HaBYAJIbHUX 3aKiajax. ABTOp noHaja 70 HayKOBUX Mpallb B
VYkpaiHi Ta 3a KOPJIOHOM.
d. v.starko@ucu.edu.ua , po6. temn. (032)240-36-42

e. https://cms.ucu.edu.ua/course/view.php?id=2100
f. Onnaitn-koHcynpraltii: uepes Gopym kypcy B8 CMS YKV Ta eekTpoHHY MOMITY.

2. Kopotka anoramis. Kypc mae mpakTudHe W CydacHE CIPSIMyBaHHS Ta OXOIUIIOE YKpPAiHCHKHH 1
3aKOPJIOHHUH TOpOOOK y raiy3i KOMI I0TepHOT JiHTBICTUKU. Kypc BUKIIanaeThCs aHTIIHCHKOI0 MOBOIO
3a BUHSTKOM JIBOX T€M, [TOB’SI3aHUX 13 YKPAIHCBKUMHU KOMIT IOTEPHOJIIHTBICTHYHUMHU PECYPCAMHU.

3. Mera Ta miJti Kypcy — 03HaHOMHTH CTYJICHTIB 3 OCHOBHUMH TIOHATTSAMU, HAMPSIMaMH H MMiIX01aMu B
KOMIT FOTEPHIii JIHTBICTHIII, @ TAKOK MIPAKTHYHUMU 3aC00aMU aBTOMAaTUYHOTO OMPAIIOBAHHSI MOBHUX
JAaHUX. 3aBJIaHHS KypCy:

® J1aTH CTyAeHTaM HeoOX1TH1 TEOpEeTUYH1 3HAHHS

e HaBYUTH 0A30BUX IHCTPYMEHTIB, METOIB i aITOPUTMIB KOMIT FOTEPHOI JIIHTBICTUKH

® HABYMTHU IPAMOTHO KOPHCTYBATHUCS MPAKTUUHUMH CUCTEMaMH i 3ac00aMH aBTOMaTUYHOTO
OTIPAIFOBAaHHS MOBHUX JTAHUX

e HABYMTH aHAJI3YyBaTH il MOPIBHIOBATH OTPUMaHI JlaH1

® BKa3aTu HIIAXH JJIs CaMOCTIHHOT'0 MOTJIMOJIEHHS 3HAHb


https://r2u.org.ua/corpus
https://github.com/brown-uk/dict_uk
https://languagetool.org/uk/
http://e2u.org.ua/
http://r2u.org.ua/
mailto:v.starko@ucu.edu.ua

4, ®opwmar Kypcy — 3MillIaHUH, BKIIIOYAE JICKITIT, MPAKTUYHI 3aHATTS Ta KOHCYJbTallii, Ma€ CynpoBia y
cuctremy CMS YVKYV.

5. PesynbraTty HaBUaHHSA

3a pe3ysbTaTaMu Kypey CTyA€HTU OyIyTh:

3HATH:
* OCHOBHI MOHATTS KOMII FOT€PHOT JIIHTBICTUKU
* TEOPETUYHI OCHOBH ¥ MiAXOU 10 aBTOMATUYHOTO OMPAIIOBAHHS IPUPOTHOI MOBH Ha PI3HUX
PIBHSIX
* OCHOBHI HaIlpsIMHM Ta CY9aCHHI CTaH KOMIT IOTEPHOI JIIHTBICTUKHY B YKpaiHi i CBITI
* OCHOBHI KOMIT’ FOTEPHI CHCTEMH JIJIs1 POOOTH 3 MOBOIO
BMITHU:
*  TIOSICHUTH 3aCTOCYBaHHS i POOOTY 0a30BHX aIrOPUTMIB KOMIT FOTEPHOI JIIHI'BICTUKH
*  3aCTOCOBYBATH KOMIT IOTEpPHi 3aCOOM B JIHTBICTHYHUX JOCIHIHKEHHIX
*  OIIHIOBATH i MOPIBHIOBATH PE3yJIbTAaTH POOOTH KX 3ac00iIB

6. OOcsr kypcy — 48 roa. aynutopuux (14 rox. nekuidHux i 34 rox. mpakTUYHKX ), 60 roa. caMoCTiiHOT
poboTH.

7. O3HaKH KypcCy:

Pik Kypc HopmaTuBHuii\
BHUKJIAIaHHSA cemectp CHemiaIbHICTD (pik HaBYaHHS) BHOIpKOBHIA
2019 1 (bimooris 3 HopmaruBHUH (H)

8. [IpepexBizutu: ba3oBi 3HaHHA 3 MHTBICTHKH, BOJIOIHHS aHTJIiIChKOIO Ha piBHI B2.

9. Texniune i nporpamMHe 3a0e3nedeHHs /00maaHaHHs. MyJIbTUMENIHHUI POEKTOP Ta IHTEPHET-3B’A30K
Ul TPOBEACHHs 3aHATh. KOXEH CTyIEHT NOBHHEH MaTh 3MOTYy KOPUCTYBATHCS IEPCOHAIBHUM
KOMIT FOTEPOM — HOYTOYKOM a00 CTallilOHapHUM KOMIT FOTEPOM.

10. TlomiTukKn Kypcy — CyBOpe AOTPUMaHHS MPUHIUITB aKaJAeMIidHOI TOOPOYECHOCTI, a y BUIAJAKY iX

MOPYIIEHHS — pearyBaHHs BiAMOBiIHO 10 [lonoxkeHHs.

11. Cxema kypcy

Martepianu po3MimieHo Ha cropinii kypcu B CMS UCU

Tux./akan. rog. | Tema, niau, Te3n ®opma Jlitrepatypa/ Pecypcu 3aBaaHns, Bara | Tepmin
3aHATTS/ B iHTepHeTi roja OliH- | BUKOHA
®opmar KH HHS

Twxnens 1 Introduction. Projects of the r2u group JIEKITist 4, ¢.54-74;5, c. 4-22, IepernsayTu

2 rox for Ukrainian. F2F 192-205; 6; MPE3eHTAIliI0,

Dictionary websites. Spellchecker. https://github.com/brow | 2 rox.
VESUM. Ukrainian Brown Corpus. n-uk
Twxnens 2 Exploring web resources for Ukrainian HpaKTUYHA r2u.org.ua, Haguuntucs 8 1
4ron F2F r2u.org.ua/vesum, KOPUCTYBaTUC THXJICHb
e2u.org.ua, s OHJIaH-
languagetool.org/uk pecypcamu, 4
TOJI.
Homework: dictionary search in JIOMaIIHE OmparroBaHH
r2u.org.ua; checking texts using 3aBIaHHs sI TiTepaTypu,
languagetool.org/uk BHUKOHAHHSI
MpakTUYHUX
3aBJlaHb
4 ron.



https://s3-eu-central-1.amazonaws.com/ucu.edu.ua/wp-content/uploads/sites/22/2019/03/Polozhennya_pro_akademichnu_dobrochesnist.pdf

Twxnens 3 Morphological analysis. JIEKIis 1,c.124-134; 4, c. 127- | Ilepernsaytu
2ron Morphological word. POS tags for F2F 137;7,Ch. 8 (8.1-8.3); TMIPEe3eHTAlliIo,
English and Ukrainian. Universal POS http://www.senyk.polta | 2 ropa.
tags. Tokenization, stemming, va.ua/projects/ukr_stem
lemmatization. Stemmers for English ming/stemming_about.h
and Ukrainian. tml,
http://snowballstem.org/
demo.html,
https://github.com/brow
n-uk/dict_uk
Twxaens 4 Using VESUM’s web interface. Using MpaKTHYHA 6; r2u.org.ua/vesum, PoGora 3
4 rox LanguageTool for morphological F2F languagetool.org OHJIAH-
analysis. iHCTpyMeHTaM
ns3
CyIIpOBOJIOM
BHUKJIaga4da
Finding lemmas for Ukrainian words. JIOMaIIHe r2u.org.ua/vesum, 4 ron. 8 1
Identification of grammatical tags for 3aBIaHHA languagetool.org THKIEHD
Ukrainian and English wordforms.
Twxaens 5 GRAC: a corpus of Ukrainian JIEKILIiS uacorpus.org IepernsHy T
2 roxd F2F MPE3CHTAIIIIO,
2 rop.
TwxaeHs 6 Learning different types of searches and | mpaxruuna http://www.parasolcorp | Po6ota 3
4ron other functionality of the GRAC corpus | F2F us.org/bonito/run.cgi/fir | omnaiin-
st_form IHCTpyMeHTaM
ns3
CyIIPOBOZIOM
BHKJIaJaya
[TucbMOBE KOHTPOJIbHE ONUTYBaHHS OINMTYBAHHS 10
Form queries to GRAC using the JIOMaIIHE http://www.parasolcorp | 4 rox. 8 1
Corpus Query Language (CQL) 3aBIaHHs us.org/bonito/run.cgi/fir THK/IEHD
st form
Tuwxnens 7 Corpora and corpus linguistics JIEKITist 3,c¢.8-27 IepernsHy TH
2 ron F2F MPEe3eHTaLlifo,
2 rop.
Tuxnens 8 Survey of key corpora for Ukrainian and | npakruuna http://www.mova.info/c | PoGota 3
4 rox English (Brown, BNC, COCA, and F2F orpus.aspx OHJIAMH-
others) and exploring their functionality http://www.mova.info/p | incTpymenTam
corpus_UA.aspx u3
https://mova.institute/ CYIPOBOJIOM
https://www.english- BHUKJIa/1a4a
corpora.org/
Twxnens 9 Syntactic parsing. JIEKITist 2,c¢.95-144; 4, c. 139- IepernsuyTu
2 rox Types of grammars, constituency, CFGs | F2F 143;7,Ch. 12 NpE3EHTAILII0,
and their components, constructing a 2 rog.
CFG.
Twxaens 10 Parsing using CFGs. CFG rules for MpaKTHYIHA 7,Ch.12 Po6ora B
4 rox different sentence structures. Modifying | F2F ayauTopii 3
and creating CFGs. CYIPOBOJIOM
BHKJIaJjaya
[TucbMOBE KOHTPOJIbHE ONUTYBaHHS OIMTYBAHHS 10
Building parse trees using a given CFG | momamurue 2 ron. 8 1
for a set of sentences. 3aBIaHHS THXKICHD
Twxaens 11 Dependency parsing. JIeKIist 7,Ch.13 Iepermsiny i
2 rox Shallow parsing. Types of notation. F2F 2,¢.117-123 MPEe3eHTalliI0,
Dependency parsers. 2 rop.
Tuwxnens 12 Using online tools for dependency MpaKkTHYHA http://nip.stanford.edu:8 | PoGota 3
4ron parsing for Ukrainian and English F2F 080/parser, OHJIalH-
https://mova.institute/% | inctpymentam
D0%B0%D0%BD%D0 | u 3
%B0%D0%BB%D1%9 | cympoBomom
6%D0%B7%D0%B0% BUKJIa1a4a
D1%82%D0%BE%D1
%80
Building dependency trees for a set of JIOMAIIHE 2 rox. 8 1
sentences. 3aBJaHH THXJICHB
Twxaens 13 Machine translation. JIEKITist Iepermsiay i
2 rox Applications and approaches: rule- F2F MPE3eHTAIliIO0,
based, statistical, and neural MT. 2 TO.I.
Advantages and disadvantages of NMT.
Twxnens 14 Overview of Neural Machine HpaKTUYHA Bineo nexuiit mpod. K. [Tepermsn i
4 rox Translation (NMT). Evaluating MT. F2F Mewnninra npo HMT 00rOBOPEHHS
https://youtu.be/IXQtK2 | Bigeo




SjWWM?list=PL3FW7
Lu3i5JsnhirmnUwg_Tcyl
Nr7EKRe6&t=893
https://youtu.be/6_MO1
2fPC-
0?list=PL3FW7Lu3i5Js
nhirmUwg_TcyINr7Ek

Re6&t=3654
[TucbMOBE KOHTPOJIbHE ONUTYBaHHS OIMTYBAHHS 10
Tuwxnens 15 Semantic relations and WordNet. npaktuyHa | 2, c. 189-202; 7, Ch. 19, | PoGora B
4 rox WordNet as a lexical database and its F2F 7, Appendix C., pp. 1-6 | aymuropii 3
structure. Word relations, senses, and https://wordnet.princeto | cymposomom
disambiguation. Word similarity. n.edu/, BUKJIAJaya

http://wordnetweb.princ
eton.edu/perl/webwn

Icour Icour 30
F2F

12. Cucrema OLIHIOBAHHS Ta BUMOTHA

Tun 3aBpanusa Kinpkicte | baan

KoHTpoJpHI onuTyBaHHS 3 30

JlomaniHi 3aBIaHHs 5 40

Iciut 1 30
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(https://web.stanford.edu/~jurafsky/slp3/)
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